The self employed make up around a third of the non-agricultural labor force in lowincome countries. A substantial majority of these self employed work alone, hiring no paid employees. These own account workers represent half or more of the informal sector in low-income countries. Is informality a way station on the road to wage work or a stepping stone for nascent entrepreneurs? The academic and policy worlds have widely divergent views on this question. Victor Tokman, espousing a view associated with the International Labor Organization (ILO), suggests that that the army of own account workers is marginalized and biding time until an opportunity for wage work arises:
"Informal activities [arise from] the failure of the economic system to create enough productive employment" (Tokman 2007 ). These divergent views are reflected in the work of other academic researchers as well. Fields (1975) developed an early model of the informal sector as a way-station of those queuing for a formal job in urban areas. Others have followed this line. (See Fields 2004 for a review.) Bennett and Estrin (2007) are among those modeling the microenterprises as a stepping stone to formal business ownership. In their model, entrepreneurs start in the informal sector because entry costs are lower. After learning 1 To be fair to Tokman's view, he goes on to say: "This debate has evolved in the last few years, resulting in a substantial narrowing of the gap which had existed between those who argued in favour of the simplistic notion that legislative or procedural changes are enough to overcome the existing problems and those who denied the role of regulatory arrangements relating to the economic system." We believe the distinction we draw between the two views of informality is valid. But we confess to choosing quotes which make the differences in views sharper than most of those involved in the debates would admit. 2 De Soto's view has had a significant impact on both research and policy. Djankov et al (2002) measure the time and monetary costs of registering a business in 75 countries. Kaplan, Piedra, and Seira (2007) and Bruhn (2007) analyze the impact of a policy simplifying the registration scheme in Mexico, reaching somewhat contradictory conclusions with respect to the impact on the formation of new businesses.
about the demand for their products, they decide whether to move to the formal sector and expand, or to shut down.
The heterogeneity of the informal sector in low-income countries allows each side to cite at least anecdotal evidence supporting its own story. But we are unaware of any study which takes these arguments to the data in a systematic way with samples representative of both the informal sector and larger firm owners. In this chapter, we aim to provide such a systematic comparison of wage workers, own account workers, and employers, using data from surveys in Sri Lanka. The wage worker and larger firm surveys are cross-sectional; the own account worker data come from a survey begun in April 2005, with the most recent survey conducted in October 2007. We use both the cross sectional comparison and the dynamics from the microenterprise panel.
There are at least two lines of empirical research which are related to our analysis.
William Maloney and coauthors use labor market surveys in several Latin American countries to study the pattern of transition into and out of self employment and the informal sector more generally. These data show high rates of mobility between formal wage work and informal self employment in all of the countries examined (Maloney 1999; Bosch, Goni, Maloney 2007) . Moreover, a large majority of own account workers report being self employed by choice rather than by force, for the lack of available wage jobs. Perhaps the strongest evidence that the self employed are drawn by opportunity is that in Mexico, at least, transitions from formal wage work to informal self employment are procyclical .
Collectively, the Maloney et al analysis indicates the lack of any hard barrier between wage work and self employment in the Latin American countries. But most of their findings are also consistent with a Lucas-style decision model (Lucas 1978) , where those with low levels of entrepreneurial ability move between wage work and self employment as economic opportunities change. Because the Latin American labor data are limited to overlapping one-year panels, they tell us less about whether those transitioning to self employment subsequently grow to become employers. 3 Simeon Djankov and coauthors have complied data which allows a broader comparison of the attitudes, abilities and work histories of wage workers and owners of enterprises with at least five employees in Russia, China and Brazil (Djankov et al, 2005 (Djankov et al, , 2006 . Own account workers are intentionally left out of the sample in order to sharpen the distinction between wage workers and entrepreneurs. Our analysis is closest in spirit to that of Djankov et al, but we explicitly bring the own account workers into the comparison and also include a greater range of owner characteristics. From a policy perspective, understanding who the own account workers are is critical given their weight in the labor force. If the sector is an incubator for larger firms, then policies should aim to help microenterpreneurs grow and generate employment. If, on the other hand, the owners of the smallest businesses are unlikely to grow to be employers, then policies aimed at job generation should focus instead on constraints to growth among those who are already employers above some threshold and there is less reason to encourage growth of the smallest enterprises.
We begin by discussing how the characteristics of entrepreneurs in developing countries might be affected by the weak institutional environment in which they operate.
We next describe the surveys and data and then examine differences in family background, education and ability, attitudes toward risk and measures from the entrepreneurial psychology literature between the three groups. Our wage worker and own account worker samples are nearly evenly split by gender. But the larger firm owner sample is predominantly male, reflecting the population of larger firms. Therefore, after presenting the full results, we separate the sample by gender and show where this affects the findings.
Entrepreneurship in developing and developed economies:
Entrepreneur is derived from the old French term entreprendre, meaning one who undertakes. In standard definitions the word is defined simply as someone who undertakes to own and manage a business, taking the risk of profit or loss (see Oxford English Dictionary). In addition to risk, economists often associate entrepreneurs closely with innovation -Schumpeter (1934) defining an entrepreneur as one who implements change in markets through the carrying out of new combinations, moving the market away from equilibrium. Others such as Israel Kirzner instead view the entrepreneur as someone who moves the market towards equilibrium by recognizing and acting upon market opportunities (Kirzner, 1979) .
Risk and innovation are the two characteristics most closely associated with entrepreneurs. But the empirical literature has also suggested several other characteristics. Lazear (2005) , for example, focuses on the need for entrepreneurs to be jacks of all trades. This need has both a cross-sectional and time-series component. A wage worker, even a manager in a large firm, may specialize in one aspect of the business, but the entrepreneur has the need to direct many dimensions of the development, production and sales of products. Lazear finds that MBA students who later become entrepreneurs take a greater range of classes with in business school than those who become managers in larger companies. At any point in time, we might expect entrepreneurs to be multi-taskers as well. Wage workers may focus on a much narrower set of tasks. The entrepreneurial psychology literature has termed the ability and willingness to juggle many tasks in the cross section polychronicity (Bluedorn et al. 1999) . The willingness to take risks is often viewed as an innate characteristics, but aspects of being an entrepreneur may also be learned. Dunn and Holtz-Eakin (2000) , for example, find that those whose parents are entrepreneurs are more likely to become entrepreneurs themselves.
All of these factors are generally collapsed into a single term in theoretical models of occupational choice. Lucas' (1978) model of the size distribution of firms, for example, starts from the premise that individuals face the choice of working as a wage worker at the prevailing wage w, or becoming an entrepreneur and residual claimant of a firm whose output depends on the capital and labor used in production, and on the entrepreneur's ability level, denoted as θ. Thus, each individual considers starting an
, where α<β<1 sets a finite size for the enterprise.
At optimal levels of capital and labor (which depend on θ), L*(θ) and K*(θ), the profit
In the absence of any constraint, each individual weighs this against the wage s/he would earn in the labor market, and chooses the occupation with the higher earnings.
But constraints are seldom entirely absent, especially in developing countries.
There has been quite a lot of focus on the importance of financial constraints in determining both occupational choice and firm size (Evans and Jovanovic 1989 , Blanchflower and Oswald 1998 ?, Banerjee and Duflo 2005 . Hurst and Lusardi (2004) suggest that some of the evidence on capital constraints might instead be interpreted as Third, agency issues and lower levels of formal schooling in the labor force make management of workers more challenging. Labor regulations which raise hiring and firing costs also contribute to making labor management more challenging. Combined with the difficulty of separating ownership and management, this implies that entrepreneurial outcomes will depend on managerial ability to a greater extent than is the case in developed countries.
Fourth, the market for business services is likely to be thinner in developing than developed countries. This implies that entrepreneurs must possess a greater range of skills themselves. Note that even in developed countries, entrepreneurs have been found to be jacks-of-all-trades, less specialized than managers (Lazear 2005; Wagner 2003) . We should expect a broad-based skill set, and the desire to juggle many tasks simultaneously, to be more important in a developing country context.
All of these factors collectively suggest that (self) selection of entrepreneurs from the population may differ in developing and developed countries. Unfortunately, the manner in which the entrepreneurial skill set has been assessed across countries is rather ad hoc. This makes comparison of the factors associated with selection into entrepreneurship difficult to compare internationally.
The combined theoretical and empirical literature therefore suggests a rich set of factors differentiating entrepreneurs from wage workers in both unconstrained and constrained environments. We draw on this literature to identify the relevant factors for placing the own account workers on the wage worker -entrepreneur scale. Our interest in undertaking this exercise is practical: From a policy perspective, should we focus on the own account workers as a potential source of job growth? Or should we instead focus on increasing incomes of the self employed where possible, in the interest of poverty alleviation, while looking elsewhere for the generation of jobs which these own account workers will fill?
Data and empirical approach
We use data from a series of surveys carried out in In July 2007, we carried out two additional surveys in the same geographic area of Sri Lanka. Sampling at the household level in the same GNs from which the own account workers were selected, we identified 456 wage workers working at least 30 hours per week. To these wage workers we administered a survey gathering information on their current jobs, labor history, family background, and attitudes. We also gave them digitspan recall and Raven non-verbal reasoning tests, and played a lottery game to measure risk aversion. Most of the questions were taken from previous rounds of the SLMS.
The second survey we carried out in July 2007 was with 424 owners of enterprises hiring between 5 and 50 employees. Some of these were identified through the household screen used in the wage survey. The majority came from identifying and approaching visible businesses. The sample of business owners comes from the same GNs in which the own-account and wage worker samples were selected, and from nearby GNs as well. The latter we added because we did not identify a sufficient number of larger businesses in the original set of GNs. The survey of larger firm owners was identical to the survey of wage workers, with two exceptions. First, we added a short section gathering operating data on the enterprise. Second, questions on attitudes toward work and the selection of self employment over wage work were modified to reflect the fact that the respondents are business owners rather than wage workers.
Taken together, the three samples provide survey data on wage workers, microenterprise owners, and larger firm owners. They breadth of information generated by the surveys for each of these three types of workers is, to our knowledge, unique. We use the data to compare the characteristics of the own account workers with wage workers on the one hand and larger firm owners on the other. We examine family background, measures of ability, attitudes toward risk, labor history, and measures from the entrepreneurship psychology literature. The specific measures are discussed in more detail in the following section. We then turn to techniques of species classification, using all or part of this list of characteristics. This allows us categorize each own account worker as having characteristics more like the employers or more like wage workers.
Who are the Own Account Workers?
We begin with simple comparisons of means of variables divided into six categories: ability, parental background, childhood (at age 12) conditions, labor history, attitudes toward risk, and psychological measures. One important difference in the samples is worth noting. Males make up a much larger portion of the SME sample than of either the wage worker or SLMS samples. Seven in eight SME owners (87%) are male, compared with 51% of the SLMS owners and 64 percent of the wage workers.
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There are also some differences in the average age of the respondents in the three samples. By design, all are between the ages of 20 and 65. On average, the SME owners are the oldest (43.6 years of age), the SLMS owners next oldest (41.9 years) and the wage workers the youngest (37.6 years). As we point out later in discussing the labor history data, surprisingly few of the own account workers say they have ever been wage workers.
But previous wage work is more common among the SME owners. So the difference in average age may reflect these transitions from wage work to self employment.
For all of the tables, we will show own account workers in the middle, with SME owners on the left and wage workers on the right. The column between the SME owners and the own account workers shows the level of significance of the difference in means 6 All three samples were stratefied to include a larger share of females than represented by the population. between these two samples; the column between the own account and wage workers shows the significance of differences in means between these two samples. was then taken away. Ten seconds later, respondents were asked to repeat the number as written on the card. Those responding correctly were shown a four digit number, and so forth up to 11 digits. The table shows that SME owners were able to recall just over 7 digits on average, while own account workers recalled just under six on average.
The second ability measure comes from a Raven progressive non-verbal reasoning test. We provided 12 printed pages, each of which contained one 3 by 3 pattern with one cell missing. Below the pattern were eight figures, one of which fit the pattern, and the other seven of which did not. The patterns become progressively more difficult from the first to the 12 th page. Respondents were given five minutes to complete as many of the patterns as possible. They were instructed to skip as desired, but told that the patterns became progressively more difficult. The average respondent completed three of the patterns correctly. Finally, we administered a localized version of Frederick's three question cognitive reflection test (Frederick 2005) . The test asks, for example: "A bat and a ball cost Rs. 1100 in total. The bat costs Rs. 1000 more than the ball. How much does the ball cost?." Fewer than one in three of the respondents answered any of the three questions correctly. We also use years of schooling and the response to three questions measuring financial literacy as measures of ability.
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The pattern of ability is consistent by almost all measures: The ability of own account workers is lower than both the SME owners and wage workers. The gap with respect to SME owners is significant at the .01 level for all but financial literacy, where the significance level is .05. SME owners have just two years of additional schooling, answered correctly 0.18 more of the cognitive reflection questions correctly (both two-thirds of a standard deviation), and recalled 1.3 more digits (.85 of a standard deviation).
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On the Raven and financial literacy tests, the gaps were smaller, 0.4 questions or onefifth of a standard deviation for Raven and 0.14 or one-third of a standard error for financial literacy. The table also shows the first principal component of the Raven, digitspan and CRT tests.
We find no difference between wage workers and own account workers in the Raven, CRT or financial literacy tests. Wage workers are able to recall more digits, a difference which is statistically significant at the .10 level but which represents only about a third of a standard deviation. They also have 1.1 more years of schooling on average. For ability measures, then, score one for Tokman's view. Own account workers appear to be closer to wage workers than to SME owners. These findings are also consistent with the Lucas framework with the more able self employed owning larger enterprises.
We next examine differences in parental background. (See Table 2 .) For parent's schooling, the pattern is the same as for ability. The parents of SME owners have higher schooling than the parents of wage workers, whose parents have insignificantly higher schooling than the parents of own account workers. The gap between SME owners and own account workers is 1 year for either parent, about one-third of a standard deviation.
However, the parents of both SME owners and own account workers were much more likely to have been self employed when the respondent was 12 years of age than were the parents of wage workers.
That mothers of the own account workers were more likely and the fathers were less likely to be self employed than for SME owners may suggest differences in income levels during childhood between these two groups. exams (to pass into upper secondary school) and the A-level exams (final year examinations used for university entry). All of these are intended to measure childhood wealth levels. Childhood wealth might affect occupational choice through the quality of schooling, access to financial capital, or other channels.
We find that SME owners report a significantly smaller percentage of their childhood neighbors were poor, and a significantly higher portion of their childhood peers sat for both the O-level and A-level exams. Own account workers and wage workers report that the same percentage of their neighbors were poor (27%), but wage workers report that a larger percentage of their childhood cohorts sat for the O-levels and A-levels. By these measures, SME owners appear to have been brought up in the wealthiest neighborhoods and own account workers in the poorest neighborhoods.
The bottom half of Table 3 looks at the respondents own family rather than the neighborhood. We measure both family assets and family connections. One caveat to the asset measures is that circumstances change both across time and across rural / urban areas. The different ages of the owners means that they were 12 during different years.
Those in rural areas may not have had radios or televisions not from a lack of wealth, but because the radio or television signal coverage did not reach them. With these caveats in mind, we find only two significant differences in asset measures. SME owners are much more likely to report that their family owned a car, while wage workers are more likely to report that they lived in a house with a dirt rather than cement floor. The pattern these responses suggest is consistent with the percentage of each group saying that their own family "sometimes did not have enough to eat or got by with difficulty." Among SME owners, only 28 percent of respondents say this was the case, compared with 39 percent of own account workers and 49 percent of wage workers. We also asked respondents about their relative height at age 12. Showing them a ladder with rungs labeled 1 through 10, we asked them to place themselves on the ladder if the tallest member of their cohort was at the top and the shortest at the bottom. Both own account and wage workers place themselves near the middle, an average of 5.4 on the scale. SME owners say they were significantly taller, 6.1 on the scale. The gap represents about 0.4 of a standard deviation.
Labor history and attitudes
We asked each individual to divide their work history into years as a wage worker, a self employed worker, an overseas worker, and an unpaid family worker or apprentice. Perhaps the most surprising finding is that more than half of the own account workers have spent their entire working life as a self employed worker. Only a third have ever been a wage worker, and only 5% have worked overseas. SME owners are significantly more likely to report having been a wage worker at some point during their life (45 percent).
We measure two attitudes suggested by two different strains of the entrepreneurship literature: attitudes toward risk and psychological measures. We measure risk in two ways. First, we conducted a lottery exercise with payoffs representing between a few hours and a few days wages. For the own account workers, we asked for behavior on three separate lotteries. We then rolled a ten-sided die and played one of the lotteries for real money. The payoffs were 40 rupees for the certain outcome and 100 rupees for the risky outcome. These represent about 3 hours and one day's reported mean earnings for the own account workers. Before actually playing we asked respondents which outcome they would choose as the probability of winning varied from 10 to 100 percent. We use these responses to calculate a coefficient of relative risk aversion.
For both the SME owners and wage workers, we first conducted the lottery exercise with the same payoffs. We then repeated the exercise with both the certain and risky payoffs increased by a factor of five. Since SME owners have much higher incomes than either own account or wage workers, the higher payoffs we used to come closer to matching the payoffs ass a proportion of income. In practice, only a few respondents changed their behavior with the higher payoffs. The CRRAs shown on Table 5 therefore use the 40/100 payoffs for all three groups. A higher CRRA indicates more aversion to risk. The lottery exercise produces results which run counter to expectations. SME owners are the more risk averse than either own account or wage workers.
We obtain results more in line with expectations by asking more general questions about the willingness to take risks. Respondents were asked how willing they were, on a scale of one to ten, to take risks in life, and how willing they were to take financial risks. SME owners are the most willing to take risks (6.9 for life risks and 5.6 for financial risks), and wage workers least willing to take risks (6.2 for life risks and 5.3 for financial risks). These ranking are more in keeping with expectation. By these measures, own account workers are intermediate between wage workers and SME owners.
Each of the surveys contains questions developed by industrial psychologists to measure aspects of the entrepreneurial personality. These are shown on Table 6 . The appendix shows the actual questions, grouped in the manner they are used in the literature and in this paper. Responses to all questions are coded on a scale of one to five, with one indicating "strongly disagree" and five "strongly agree." In some cases, the question is reversed with respect to the characteristic being measured, so that strongly disagree indicates having the trait and strongly agree indicates not having the trait. These are adjusted in calculating the variables.
The first three rows measure work centrality (Mishra et al, 1990) , tenacity (Baum and Locke, 2004) and achievement (McClelland 1985) . Work centrality is measured by a single question related to the importance of work in life. Tenacity measures the extent to which individuals persist in difficult circumstances. Achievement is measured as the sum of five questions related to the satisfaction obtained from doing well and a feeling of competition with others.
All three of these are measures of personal motivation in work and life. The responses show a consistent pattern: Both SME owners and wage workers are more motivated than own account workers. In all three cases, the rank ordering of responses shows that SME owners are the most tenacious and work-motivated, and own account workers are least tenacious and motivated, with wage workers placed in between. These data point to motivation and determination as important determinants of firm size.
The next two measures are power motivation (McClelland 1985) and internal locus of control (Rotter, 1966) . Power motivation is measured with three questions related to planning and deciding what other people should do and control over events.
Internal locus of control is a measure of the willingness to take risks and put oneself in unfamiliar circumstances. With respect to power motivation, own account workers are similar to SME owners, and both have a stronger desire to be in control than wage workers do. The pattern with respect to staying in situations which are familiar is interesting. Here we find that SME owners are more willing to put themselves in unfamiliar situations than are either own account or wage workers, who do not differ in this attitude.
The third set of variables measures polychronicity, impulsiveness and organization. Polychronicity is the willingness to juggle tasks rather than focusing on a single task at a time (Bluedorn et al. 1999) . Impulsiveness is measured by three questions on the Barratt Impulsiveness Scale relating to the speed of decision making and savings behavior. Organization is measured by a single question asking whether the respondent's family and friends would call him/her organized. Own account workers are more impulsive and less organized than either SME owners or wage workers. They are, however, more comfortable juggling tasks that wage workers.
The final attitude measure relates to optimism, which has been found to have a mixed association with the success of firms. (See, for example, Landier and Thesmar, 2006 .) We measure optimism with six questions related to expectations of good or bad events occurring in life. We find that SME owners are the most optimistic, followed closely by own account workers. Wage workers are the least optimistic.
The entrepreneurial attitudes questions show interesting patterns and differences with respect to the position of own account workers. The willingness to juggle tasks and the desire to be in control separate own account workers from wage workers. Motivation and tenacity separate SME owners from own account workers. The former are clearly important to running a business. But the latter may determine whether the business is large or small. Table 7 report results from logistic regressions distinguishing own account workers from SME owners on the one hand and wage workers on the other. The logits allow us to separate males and females and to confirm the importance of variables when conditioning on other variables. There are very few female SME owners in the sample, so we present only the own account / wage worker regressions for females. We split the results into two sections for purposes of exposition, with Table 7A focusing on ability and family / childhood background variables, and Table 7B focusing on entrepreneurial attitudes. Both sets of variables come from the same regressions.
Logit regressions
The first column on Table 7 shows factors affecting the likelihood of being an SME owner rather than an own account worker in the sample of males which excludes wage workers. SME owners are older and have significantly higher schooling and ability, the latter measured by scores on the Raven, digitspan and cognitive reflection tests. Their fathers were more likely to be self employed. SME owners also say they were taller relative to their peers at age 12, had fewer neighbors who were poor, and that a higher percentage of their peers sat for the O-level exams. Somewhat surprisingly, they say their families were less likely to know a doctor, lawyer, or banker when they were age 12.
Notably, we find no difference in willingness to take risks, measured as the first principal component of the overall life risk, financial risk, and CRRA calculated from the lottery exercise. In sum, SME owners are older and more able, and by most measures come from a somewhat more privileged background than own account workers.
Compared with own account workers, male wage workers (Column 2) are insignificantly younger and have somewhat higher ability than own account workers, measured both by years of schooling and by the three ability tests. Their fathers were much less likely to have been self employed. They also come from neighborhoods in which a larger share of their peers took the O-level exams. Again, we find no difference with respect to willingness to take risks. Thus, for males, own account workers have the lowest ability measures, and come from neighborhoods with lower schooling levels.
However, own account workers report that their families owned more assets and were better connected, in the sense of knowing teachers, bankers and other officials when they were 12 years of age.
For female wage workers, the selection on ability appears to be stronger than for male wage workers. Again, own account workers have lower ability than wage workers, but we find that both the schooling and tested ability measures are significant at least at the .05 level. The magnitude of the coefficients is as large as in the male SME equation.
(Compare Column 3 with Column 1.) Female wage workers are significantly younger than female own account workers. This stronger selection into wage work among females could be the result of the types of wage jobs available to those in the sample. For males, these jobs are most often physically very taxing. For females, they are more likely to be garment or other light manufacturing. In any case, it appears that the positive selection into wage work is much stronger for females than for males. Table 7B shows the variables measuring attitudes. Again, recall that the coefficients in 7A and 7B come from a single regression. Compared to SME owners, own account workers are less competitive and have a greater desire to remain in control. They are also less organized and somewhat more optimistic. Many of the same factors separate own account workers from wage workers, and in the same direction. Wage workers have less desire to be in control, are less optimistic and better organized than own account workers. Compared with own account workers, wage workers say that work is more important in their life. Among females, the only strong differentiation is the desire of own account workers to maintain control of their environment. Wage workers are very slightly more motivated by achievement than are own account workers.
In sum, the logistic regressions allow us to control for age and gender and examine differences in background and attitudes among workers in the three groups. For males, the data indicate that the own account workers are optimistic, unorganized, powermotivated, low ability underachievers. For females, self employment appears to involve much more negative selection on ability. Female wage workers are younger and have less desire to control their environment.
Species Classification
Tables 1 through 7 differentiate the characteristics of own account workers from those of SME owners and wage workers one characteristic at a time. While there are some clear patterns, looking at the data in a disaggregated manner makes it difficult to clearly classify own account workers as being more like SME owners or wage workers on the whole. In other words, we are still short of being able to say whether Tokman or de Soto's portrait of own account workers is more accurate. We next turn to techniques of species classification borrowed from biology to classify the own account workers.
Discriminant analysis is a tool commonly used by biologists to separate animals or plants into species on the basis of easily measured characteristics. The basic idea is to find the particular combination of the set of measured variables which best separates individuals into their distinct species. There are two main uses for this in practice. The first is similar to our logit regressions above, studying the set of variables to characterize the nature of differences between species. The second use is to then use the fitted combination of measured variables to predict the species of new animals or plants for which only this vector of measured variables has been observed. This is particularly useful in cases where the species of an animal can only be truly verified after exhaustive and expensive testing, possibly resulting in killing the animal. Observing certain characteristics of the animal instead allows it to be accurately classified without taking such expensive and extreme measures.
We apply these techniques to classifying another elusive animal, the own-account worker. Logistic discriminant analysis is first used to obtain the combination of observed characteristics which best separates the wage workers from the SME owners. This fitted model is then used to predict the "species" of each own account worker, enabling us to characterize them into wage workers and SME owners. Estimation was carried out in STATA 10.0. Table 8 shows the results of classifications using different subsets of variables.
We use four overlapping groups of variables in the classification analysis. Gender, age and education are included in each of the groups. In addition to these variables, the first group of variables includes the three ability tests: Raven, digitspan and CRT. The second group includes family background variables, including whether the respondent's mother and father owned a business, the percentage of neighbors who were poor, the percentage of the neighborhood cohort sitting for the O-and A-level exams, and others listed on Table 8 . The third group focuses instead on entrepreneurial attitudes: risk, achievement, work centrality, and others. The final group includes combines all of the variables from the first three groups.
We show first the percentage of the SME and wage workers properly classified by each set of variables. Classifying using only age, gender, education and the three ability variables results in a correct classification of 74 percent of the SME owners and 69 percent of the wage workers. Family background alone allows us to classify 74 percent of both wage workers and SME owners correctly. Attitudes by themselves classify a slightly lower percentage of the respondents correctly: 73 percent of SME owners and 70 percent of wage workers. Using both sets of variables combined results in 79 percent of SME owners and 78 percent of wage workers being classified correctly. Since a coin flip would classify 50 percent correctly, we might think of this as close to a 60 percent improvement over random classification.
Do the characteristics of the own account workers lead them to be classified as SME owners or wage workers? In all cases, the majority of own account workers are classified as wage workers. The largest percentage-almost 77 percent-are classified as wage workers when we use the ability measures alone. The largest percentage are classified as SME owners-37 percent-when we use only family background. Using all of the variables, we classify 70 percent of the own account workers as wage workers and 30 percent as SME owners.
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The species classification analysis suggests that ability and attitudes differentiate own account workers from SME owners more than family backgrounds do. While the majority of the own account workers have characteristics more like wage workers than SME owners, a significant minority are more like SME owners than wage workers.
Given the large number of own account workers in low-income countries, this suggests the possibility of job creation from the sector should not be ignored.
Who Grows the Enterprise?
One criticism of the analysis to this point is that the comparisons between wage worker, own account workers and SME owners are based on separate cross sectional samples. We note that this is the standard in the literature. But for variables measuring attitudes, we should be concerned that outcomes may have influenced attitudes. That is, successful entrepreneurs may be more likely to report that work is central to their life, even if they were no more likely to say that before they entered business. Ideally, we would like to measure attitudes prior to the decision to enter self employment and the realization of the success of the business. Table 6 .
The results in column 1 are consistent with those in Table 7 with respect to ability and motivation. Higher ability owners are more likely to have added employees, as are owners who are motivated by personal achievement. Moreover, owners with lower power motivation-that is, those more willing to give up some control over their situations-are more likely to grow. In the second regression, we add the owner's age at the time of the baseline survey, and a variable indicating the owner is female. We find that older owners are less likely to grow. On the surface this appears to conflict with the results from Table   7 . However, Table 7 measures a stock, or cumulative hazard, while Table 9 Our species analysis classified about two-thirds of the own account workers as wage workers and one-third as SME owners. Did a larger percentage of those classified as SME owners add employees? The answer is yes: 13.8 percent of those classified as SME owners added at least one paid employee, compared with 7.8 percent of those classified as wage workers, a difference significant at the .06 level. Not only do we find a difference in rates of growth, but the nearly 14 percent of SME-type enterprises that add employees in less than three years time is much larger than comparable growth rates in the United States suggested by Davis et al (2007) .
Concluding Remarks
Are own account workers more like wage workers, or more like owners of larger enterprises? The simplest answer to this question comes from our discriminant analysis.
We find that roughly two-thirds of the own account workers should be classified as wage workers rather than entrepreneurs. The more detailed analysis uncovers several interesting patterns. Most significantly, we find that ability, motivation and a competitive attitude are very important in differentiation SME and microenterprise owners.
Controlling for these factors, family background and measures of childhood wealth and well being are much less important.
The classification analysis suggests that capital is not the only, and perhaps not even the primary constraint to growth for the majority of the own account workers. The data thus shed light on the recent concern with the lack of dynamism among recipients of microfinance. Microlenders are concerned that few enterprise owners grow large enough to graduate to more formal lending programs. Our data suggest one explanation for this:
the majority of the microenterprise owners are more like wage workers than larger enterprise owners in both cognitive ability, personality, and ambition. Indeed, on average they place less emphasis on work than even wage workers. For a substantial part of the microenterprises, the lack of growth is likely to derive from a lack of ability or desire to grow, rather than a lack of finance.
While we find that only a minority of the own account workers have characteristics making them like SME owners, the percentage of own account workers who transition from non-employer to employer status in less than three years is far from trivial. These results have important implications for policies directed at the vast army of own account workers in Sri Lanka, and perhaps in other low-income countries as well.
They suggest the need for a set of differentiated policies. For the majority of own account workers unlikely to grow, policies should focus on increasing income. But to the extent that we can identify those with greater prospects for growth, policies toward them should aim to aid the transition to employer status. We view the analysis of these data as only a first step in the design of differentiated set of policies for the sector. We need a much more nuanced and detailed understanding of those in the sector before appropriate policies can be devised. Table 5 See the notes to Table 6 See the notes to 
Measures of ability

